Preparing learners with partly incorrect intuitive prior knowledge for learning by Andrea Ohst et al.
ORIGINAL RESEARCH ARTICLE
published: 03 July 2014
doi: 10.3389/fpsyg.2014.00664
Preparing learners with partly incorrect intuitive prior
knowledge for learning
Andrea Ohst1*, Béatrice M. E. Fondu2, Inga Glogger1, Matthias Nückles2 and Alexander Renkl1
1 Department of Educational and Developmental Psychology, University of Freiburg, Freiburg, Germany
2 Department of Educational Sciences, University of Freiburg, Freiburg, Germany
Edited by:
Jesus De La Fuente, University of
Almería, Spain
Reviewed by:
Jie Zhang, The College at Brockport
State University of New York, USA
Thomas James Lundy,
Virtuallaboratory.net, Inc, USA
*Correspondence:
Andrea Ohst, Department of
Educational and Developmental
Psychology, University of Freiburg,
Engelbergerstraße 41, Freiburg
79085, Germany
e-mail: ohst@psychologie.
uni-freiburg.de
Learners sometimes have incoherent and fragmented intuitive prior knowledge that is
(partly) “incompatible” with the to-be-learned contents. Such knowledge in pieces can
cause conceptual disorientation and cognitive overload while learning. We hypothesized
that a pre-training intervention providing a generalized schema as a structuring framework
for such knowledge in pieces would support (re)organizing-processes of prior knowledge
and thus reduce unnecessary cognitive load during subsequent learning. Fifty-six student
teachers participated in the experiment. A framework group underwent a pre-training
intervention providing a generalized, categorical schema for categorizing primary learning
strategies and related but different strategies as a cognitive framework for (re-)organizing
their prior knowledge. Our control group received comparable factual information but no
framework. Afterwards, all participants learned about primary learning strategies. The
framework group claimed to possess higher levels of interest and self-efficacy, achieved
higher learning outcomes, and learned more efficiently. Hence, providing a categorical
framework can help overcome the barrier of incorrect prior knowledge in pieces.
Keywords: knowledge in pieces, generalized schemata, teacher education, learning strategies, cognitive load
theory
INTRODUCTION
Prior knowledge is usually very helpful in acquiring further
knowledge. However, when learners have prior knowledge that
is incompatible with the scientific knowledge to be learned, prior
knowledge hinders learning.We found that student teachers often
have such partially incorrect and fragmented knowledge about
learning strategies (in the sense of Weinstein and Mayer, 1986).
When we asked them what they think that learning strategies are,
one of their answers was “group work.” Group work, however,
occurs at the teacher’s initiative, and is therefore not a learn-
ing but a teaching strategy. Learning strategies refer to mental
processes that are learner-initiated and help construct knowledge
(Weinstein and Mayer, 1986; Weinstein et al., 2000).
Learning strategies such as organizing and elaborating play a
central role in sustainable learning (e.g., Weinstein and Mayer,
1986; Leutner et al., 2007; Glogger et al., 2012). Therefore,
teachers should be able to assess and foster students’ learning
strategies. Assessing learning strategies requires profound profes-
sional knowledge about them (Robertson, 1990; Jonassen, 2000;
Glogger et al., 2012). Teachers’ lack of knowledge about self-
regulated learning and,more specifically, about learning strategies
is assumed to be responsible (Dignath et al., 2008) for the obser-
vation that teachers neglect learning strategies in their classrooms
(McCormick et al., 1989; Clift et al., 1990; Moely et al., 1992,
1995; Rosenshine, 1997; Hamman, 1998; Hamman et al., 2000;
Annevirta and Vauras, 2001; Perry et al., 2004).
This is the context in which we instructed student teach-
ers in learning strategies using a computer-based learning
environment (Glogger et al., 2013). However, even after instruc-
tion, some student teachers still stuck to their prior assump-
tions and considered that “group work,” for example, was
a learning strategy (Glogger et al., 2009). We assume that
their learning processes were hampered by unstructured, partly
incorrect prior knowledge. Hence, the instruction by Glogger
et al. (2009); Glogger et al. (2013) may have been insuffi-
cient to alter the incorrect intuitive knowledge. Such incorrect
knowledge has recently been increasingly conceptualized within
a knowledge-in-pieces framework (Özdemir and Clark, 2007;
Ozdemir, 2013).
Knowledge in pieces is defined as incoherent, unsystem-
atic, intuitive knowledge which (partly) differs from normative
knowledge (diSessa, 1993). These pieces of knowledge can be
somewhat compared to puzzle pieces. Imagine you have a pile
of pieces from different puzzles in front of you. The individ-
ual pieces are unassembled, not sorted according to the puz-
zle they belong to, and you have no idea how each puzzle
should look. Once you obtain a new piece of a particular puz-
zle you might struggle to put it in the right puzzle and in the
right place. A learner with prior knowledge in pieces might
likewise struggle to integrate new information about a certain
concept. We will refer to this struggle as conceptual cognitive
disorientation. The processes involved in resolving the integra-
tion require cognitive resources, which may result in cognitive
overload and subsequently the failure to learn. Knowledge in
pieces can therefore hamper the effectiveness of later instructional
lessons.
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A pre-training intervention providing a generalized schema
as a structuring framework for the given knowledge in pieces
could help learners to (re)organize their prior knowledge and thus
reduce intrinsic cognitive load during subsequent learning (see
also Kalyuga et al., 2010). Returning to our analogy, this would
mean aligning the pieces of the different puzzles to their respective
puzzle (concept) so that new puzzle pieces can bemore easily inte-
grated. In the present study we developed just such a pre-training
intervention and tested its effects on learning outcome measures.
In an initial study, we found preliminary evidence that a cogni-
tive framework provided during pre-training (a) supports more
efficient learning (roughly equal learning outcomes in less learn-
ing time) and (b) strengthens learners’ interest in the topic (Ohst
et al., submitted manuscript).
STRATEGIES TO LOWER INTRINSIC COGNITIVE LOAD
Load due to the complexity of learning contents in relation to
the learners’ prior knowledge is referred to as intrinsic cognitive
load. Intrinsic cognitive load is caused by the learning material
itself (Sweller and Chandler, 1994; Sweller, 2010). Very com-
plex material has high element interactivity; this means that a
learner must consider many elements at the same time, requir-
ing considerable working memory. If a learner has not devel-
oped appropriate schemas to process these elements efficiently
(chunking), high element interactivity can exceed working mem-
ory capacity. There are several effective strategies to lower high
intrinsic cognitive load (see Ayres, 2013). One is to not present
a complex task at the outset but to first reorganize the mate-
rial and present it as isolated elements so that learners can
process it sequentially in working memory [e.g., when learn-
ing about an electrical safety test, focusing first on explaining
only basic procedural steps versus providing all the information
at once (Pollock et al., 2002)]. Another strategy is to increase
the learner’s prior knowledge, for example, in a pre-training
intervention. Learners can use high prior knowledge to chunk
information into larger units, thus reducing intrinsic load [e.g.,
learners who received a pre-training providing names and behav-
iors of the component parts could afterwards pay more attention
to causal effects and therefore learned more than when learn-
ing the component and causal model simultaneously (Mayer
et al., 2002)]. However, approaches inspired by cognitive-load
research usually do not consider that learners might have prior
knowledge that is (partly) “incorrect.” With our student teach-
ers we found that it did not suffice to merely increase their
knowledge via a training intervention in learning strategies just
to fill their knowledge gap. We assume that their prior knowl-
edge’s structure prevented “smooth” knowledge acquisition. In
this case, it is not enough to merely reorganize the material by
isolating elements or increasing prior knowledge; instead, prior
knowledge must be changed. However, intuitive concepts can be
resistant to change (see research on conceptual change). Hence,
learners with incorrect intuitive knowledge should undergo a
pre-training intervention that supports knowledge restructur-
ing and prepares them for learning. In order to develop such a
pre-training intervention we firstly had to analyze how intuitive
knowledge is structured and why it was an obstacle for knowledge
acquisition.
STUDENT TEACHERS’ KNOWLEDGE CONCEPTUALIZED AS
KNOWLEDGE IN PIECES
Intuitive knowledge can be understood as rather unstructured,
fragmented, knowledge in pieces(e.g., diSessa, 1993; Wagner,
2006). People sometimes generate such pieces of knowledge as
brief heuristics (e.g., for explanation) through daily experiences
when they observe different phenomena. Knowledge in pieces
is activated context-sensitively (Ashe and Bibi, 2011). Pieces of
knowledge have a specific cuing priority in specific contexts which
determines their activation. Single pieces of knowledge are not
interconnected, embedded in a framework or form an overar-
ching theory; they remain isolated (diSessa, 2002). Due to this
fact, contradictory pieces of knowledge can coexist without learn-
ers’ being aware of the contradictions. Thus, in different contexts,
different sets of knowledge in pieces become activated and inco-
herence across different contexts characterizes the knowledge in
pieces.
In recent years, teachers’ “incorrect” intuitive knowledge has
been increasingly conceptualized as pedagogical knowledge in
pieces (Ashe and Bibi, 2011; Kali et al., 2011; Hopper et al., 2012;
Orrill and Eriksen Brown, 2012; Harlow et al., 2013). Various
studies identified several characteristics of knowledge in pieces in
teachers’ pedagogical knowledge: (a) Context sensitivity: teachers
were sometimes unable to rely on knowledge available in other
situations (e.g., Carraher et al., 1985; Kali et al., 2011; Orrill and
Eriksen Brown, 2012). (b) Incoherence: teachers’ thoughts about
one specific teaching situation contradicted those about another
specific situation (Kane et al., 2002; Eley, 2006; Postareff et al.,
2008). In addition, teachers’ beliefs about teaching (e.g., construc-
tivist view of learning) were not in line with their practice (e.g.,
expecting that every student possesses the same knowledge) (Lee
et al., 2013). (c) Prioritization: Clift et al. (1990) asked teachers to
select suitable learning strategies from a list for different tasks.
The teachers tended to suggest strategies based on superficial
information processing rather than on deep processing (such as
elaboration). One can interpret this finding as mal-prioritization
of their knowledge.
We analyzed teachers’ knowledge about learning strategies and
can describe several characteristics knowledge in pieces (Glogger
et al., 2011, 2012, 2014). As an example of scientific knowledge we
refer to frequently cited taxonomies such as that byWeinstein and
Mayer (1986) and related approaches. They maintain that a scien-
tifically accepted, correct concept of primary learning strategies
should include the following characteristics: learning strategies
refer to mental processes that are learner-initiated and help con-
struct knowledge. The term “learning strategies” is sometimes
also used to refer to strategies that support learning (e.g., creating
a timetable). In order to distinguish learning strategies that are
primarily related to the learning processes from those strategies,
we will henceforth apply the term “primary learning strategies” to
describe those that are learner-initiated and “secondary learning
strategies” for those that support learning. Glogger et al. found
that student teachers hold pieces of knowledge that are com-
patible with scientific knowledge (e.g., “elaboration is a primary
learning strategy”) as well as pieces of knowledge incompatible
with scientific knowledge (e.g., “group work is a primary learn-
ing strategy”). They seemed to lack a well-defined concept of
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primary learning strategies, but rather constructed it on-the-fly.
Their concept had fuzzy boundaries and interfered with similar
but distinct concepts.
ADDRESSING TEACHERS’ PEDAGOGICAL KNOWLEDGE IN PIECES
In previous studies (Glogger et al., 2009, 2013), it did not suf-
fice to simply provide student teachers with more information
about primary learning strategies. Hence we developed a pre-
training intervention to support their learning processes. When
learners with knowledge in pieces obtain new information (e.g.,
in a learning environment about primary learning strategies) they
may not integrate this new information due to cognitive disori-
entation and high cognitive load or even overload, as described
above. An intervention that both lowers high intrinsic cogni-
tive load and reorganizes such learners’ knowledge would make
sense. According to the knowledge-in-pieces framework, loosely-
connected prior knowledge in pieces should become a better
organized, stronger and complex knowledge system (diSessa,
2002; Ozdemir, 2013).
The learners should reprioritize and refine their prior knowl-
edge and displace inappropriate pieces of knowledge into better
fitting categories (diSessa and Wagner, 2005; Ozdemir, 2013).
The student teachers seemed to have a mis-assignment problem.
In order to develop an appropriate category of primary learn-
ing strategies, the student teachers therefore may need to learn
what primary learning strategies specifically are (internal bound-
ary) and how to discriminate primary learning strategies (external
boundary). Our idea was to provide learners with an abstract cat-
egorical scheme in a pre-training intervention (Kalyuga et al.,
2010; Kalyuga and Hanham, 2011; Kalyuga, 2013). This pre-
training intervention gave them an idea of how to distinguish
primary learning strategies from the four similar but distinct cate-
gories (secondary learning strategies, problem-solving strategies,
using tools, and teaching strategies). The student teachers could
use this framework to reorganize their knowledge in pieces and
to make the limits of primary learning strategies more salient.
Thanks to having access to information about the similar cate-
gories, they could incorporate inappropriate pieces of knowledge
into better fitting categories (displacement) and thus imagine
how to distinguish primary learning strategies from the four sim-
ilar categories. This schema could be used as a cognitive frame-
work for reorganizing prior knowledge so that new information
can be more easily integrated.
In an initial study, we had already tested the effectiveness of
such an abstract categorical scheme as a cognitive framework
(Ohst et al., submitted manuscript). In that study, the framework
group that received an abstract, categorical scheme as a cognitive
framework saved a significant amount of learning time compared
to the control group and thus learned more efficiently (strong
effect). Furthermore, the framework group claimed to possess a
significantly higher level of interest in primary learning strate-
gies (medium effect). However, we did detect no significant effect
on learning outcomes. One of the study’s limitations was that the
student teachers devoted very little time to the pre-training inter-
vention (12 slides). Instead of the estimated 15min (as we had
observed in pilot tests), the student teachers inspected the slides
for an average of only three-and-half minutes. We assume that
the student teachers processed the pre-training contents superfi-
cially, meaning that this intervention had little effect (i.e., that is,
no effect on learning outcomes). We assumed that an optimized
training intervention would trigger effects on learning outcomes.
To counteract superficial processing of the complex pre-training
intervention in the present (subsequent) study, we interspersed
questions in the pre-training intervention that prompted deeper
processing (e.g., Schworm and Renkl, 2006).
MOTIVATIONAL ASPECTS
When teachers are expected to apply knowledge, the feeling
of having learned something valuable is important: high lev-
els of self-efficacy create a positive condition for transfer in
practice (Gegenfurtner, 2011). Self-efficacy is conceptualized as
one’s beliefs about one’s own capability to perform a particular
task (Bandura, 1986). In addition, interest in the learned con-
tents also fosters transfer (Pugh and Bergin, 2006). Both interest
and self-efficacy can be fostered by helping learners gain more
and more coherent knowledge. Learners’ topic-specific inter-
est increased when their initially fragmented bits of knowledge
became broader, deeper, and more coherent (Alexander et al.,
1994) so that that knowledge became a valuable mental resource
(Hidi, 1990). Furthermore, according to interest theories, knowl-
edge sufficient to organize new information is a pre-condition for
interest (e.g., Renninger, 2000).
Increased knowledge also enhances self-efficacy. Beliefs of self-
efficacy originate through enactive mastery experiences, namely
experiences of success or failure in a specific domain (Bandura,
1997; Williams and Williams, 2010; Sitzmann and Yeo, 2013).
Enhanced prior knowledge can lead to such a mastery experi-
ence and is positively related to self-efficacy (Moos and Azevedo,
2009; Ineson et al., 2013). Furthermore, studies have found a
link between expanding knowledge and the enhancement of self-
efficacy (e.g., Pajares, 1996; Schunk, 1996; Bandura, 1997; Schunk
and Pajares, 2002; Ineson et al., 2013; Wäschle et al., 2014).
RESEARCH QUESTIONS—HYPOTHESES
We assumed that providing a generalized categorical scheme
helped student teachers to reorganize their knowledge and inte-
grate new information. We thus derived the following eight
hypotheses. We assumed that the pre-training intervention
increased the student teachers’ knowledge about learning strate-
gies and enabled them to better understand what primary
learning strategies are. Therefore, we expected that the frame-
work group provided a more correct definition for primary
learning strategies after working with the learning environment
(Definition Hypothesis). We also expected that the framework
group revealed better learning outcomes on learning strate-
gies. More specifically, we anticipated that the framework group
was able to identify more primary learning strategies correctly
(Identification Hypothesis). Furthermore, we assumed that the
pre-training intervention leaded to deeper understanding and
consequently to more sophisticated explanations of learning
strategies (Explanation Hypothesis). Additionally, we assumed
that the framework group was able to identify learning strate-
gies more quickly (Accessibility Hypothesis). We also expected
that the pre-training intervention made learning more efficient
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(outcome/effort) because of reduced cognitive disorientation
(Efficiency Hypothesis), and that the framework group exerted
less (self-reported) mental effort (Mental-effort Hypothesis). Due
to greater knowledge about primary learning strategies, we also
assumed that self-efficacy with respect to diagnosing primary
learning strategies was higher in the framework group than
the control group (Self-efficacy Hypothesis). Finally, we surmised
expected that our pre-training intervention enhanced interest
(Interest Hypothesis).
MATERIALS AND METHODS
ETHIC STATEMENT
We conducted this study in accordance with the German
Psychological Society’s (DGPs) ethical guidelines (2004, CIII)
as well as APA ethical standards. According to the German
Psychological Society’s ethics commission, approval from an
institutional research board only needs to be obtained if funding
is subject to ethical approval by an Institutional Review Board.
This research was reviewed and approved by the Ministry of
Science, Research, and Arts of Baden-Württemberg, Germany
(grant number 7532.3/130), which did not require additional
Institutional Review Board approval. The Ministry of Science,
Research, and Arts of Baden-Württemberg, Germany, approved
the research procedures in this study. The participants volun-
teered and received 15C as well as a learning environment for
participation. All were aware of taking part in research. We read
a standardized explanation about ethical guidelines to them, and
they all provided verbal informed consent. Participants not will-
ing to provide verbal informed consent could drop out of the
investigation immediately and still receive payment. All partic-
ipants provided written informed consent permitting us to use
their data anonymously. All data was collected and analyzed
anonymously.
PARTICIPANTS AND DESIGN
Fifty-six student teachers (41 female, Mage = 23.82 years; SD =
2.02) from the University of Luxembourg participated in
this experiment. All were enrolled in a bachelor program in
Educational Sciences in order to become teachers. Their average
high school grade in mathematics was M = 42.22 (SD = 7.66)
(60-point-scale from 50–60 = grade A to 01–09 = grade F).
Most of the students (82.1%) had never attended courses on
learning strategies or diagnosing learning strategies before. Their
self-rated knowledge about primary learning strategies was M =
48.57% (SD = 16.45%, range: 0–80%) on average. Most of the
students (92.9 %) had experience writing learning journals [i.e.,
diaries describing what they had learned that day) that are suit-
able for assessing learners’ learning strategies; for a detailed
description see (Glogger et al., 2009)], which we took as an
example of applied learning strategies in our learning envi-
ronment. The experiment was integrated into a course called
“Successful teaching and learning strategies in early childhood
education.”
Each of the students was randomly assigned to one of two
parallel seminars which were then assigned to the framework
condition (n = 27) or the control condition (n = 29). We con-
ducted the experiment at the very beginning of the seminar (in
the second lesson; the first lesson was an organizational lesson).
Both seminars were guided by the same teacher, and the contents
were identical. Dependent variables were the students’ learning
outcomes as measured by their ability to define the concept of
primary learning strategies, the number of identified learning
strategies in excerpts of their learning journals; the quality of
explanations as to why the identified primary learning strategy
belongs in that category; the accessibility of learning as measured
by the time needed to categorize activities as either primary learn-
ing strategies or another category. Furthermore, we calculated
the ratio of the post-tests core to the learning time needed for
the pre-training intervention and the learning environment as a
measure for efficiency (Hoffman and Schraw, 2010). Moreover,
we measured topic-specific interest and self-efficacy as dependent
variables.
MATERIALS
Pretest
A pretest assessing prior knowledge consisted of a self-assessment
measure (11-point scale from 0: very low, to 100: very high)
and a direct measure of prior knowledge. The direct measure
included the following three open-ended questions: (1) “What
do you understand learning strategies to be?” Please provide
a definition that includes the typical characteristics of a learn-
ing strategy, (2) “What are important learning strategies in
your subjects? In which way do they support learning?” and
(3) “Do you know the difference between primary and sec-
ondary learning strategies? If yes, what are the main differ-
ences between primary and secondary learning strategies?” We
assessed prior knowledge via a self-developed coding scheme.
The definition of learning strategies (question 1) should include
the following three aspects: (Primary) learning strategies are
(a) cognitive processes, (b) learner-initiated, (c) help construct
knowledge. For each of these components the participants could
earn 0.5 (implicitly mentioned) or 1 (explicitly mentioned)
point so that they could score a maximum of three points
for the first question. The strategies mentioned in the second
question were scored if they were consistent with the three
characteristics of learning strategies or the taxonomy of, for
example, Weinstein and Mayer (1986) or related models (e.g.,
Bråten and Strømsø, 2003; Strømsø et al., 2003). This taxon-
omy is also used in numerous textbooks in a context of edu-
cational science, educational psychology, and pedagogy apply-
ing to teacher education (e.g., McCormick and Pressley, 1997;
Krapp and Weidenmann, 2001; Martinez-Pons, 2001; Landmann
et al., 2009; Klauer and Leutner, 2012). Additionally, we found
several practitioner-oriented publications that provide learning-
strategy instruction referring to the taxonomy of Weinstein
and Mayer (1986) such as an established training program for
developing reading strategies (“Text Detectives”; Gaile et al.,
2007). Each correct strategy was awarded one point. There
was no maximum number of points for the second question.
In the third question, an entirely correct answer was given
one point, “implicitly” correct answers got half a point (max-
imum = 1). Two independent raters scored the student teach-
ers’ answers to the three open-ended questions (not adjusted
ICC = 0.81).
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Pre-training intervention
To conceptualize the pre-training intervention, we reanalyzed
data originally used for controlling differences in prior knowledge
in previous studies (Glogger et al., 2011, 2012). Furthermore, we
considered findings fromU.S. studies (Clift et al., 1990; Hamman,
1998). As scientific knowledge we applied frequently-cited tax-
onomies such as that by Weinstein and Mayer (1986) and related
approaches. On this basis, we identified four key categories which
(student) teachers often confuse with primary learning strate-
gies: secondary learning strategies (e.g., creating a time table),
problem-solving strategies (e.g., writing out what is known and
sought), using tools (e.g., note cards), and teacher-directed strate-
gies (e.g., group work). These four categories share some but not
all defining features of learning strategies.
Both groups underwent a computer-based pre-training inter-
vention in which we accentuated the difference between primary
learning strategies and the four similar categories we had iden-
tified. Hence, in the pre-training intervention we elaborated on
strategies related to but significantly different from primary learn-
ing strategies as preparation for the learning environment in
which we elaborated on primary learning strategies. An overview
of the pre-training interventions for the framework and the con-
trol group provides Supplementary Table 1. In these pre-training
interventions we first informed all student teachers about assess-
ing their students’ learning strategies (informed training, Paris
et al., 1982). Afterwards, both groups received a brief defini-
tion of primary learning strategies according to Weinstein and
Mayer (1986): “A primary learning strategy is a mental process
that is directly referred to learning, learner-initiated and serves
to construct knowledge.” Then, we provided both groups with
an introduction about learning journals. We included this intro-
duction because the pre-training intervention and learning envi-
ronment contained excerpts from learning journals to illustrate
the applied learning strategies. These parts of the pre-training
intervention were identical for both groups. The pre-training
interventions differed in the next step: in the framework group,
we stated that primary learning strategies are often confused with
other strategies. In the control group we stated that assessing pri-
mary learning strategies is sometimes difficult. We then handed
each group the same excerpt from a learning journal in which
a student applies a primary learning strategy (elaboration) and
explains what makes this a primary learning strategy (“if a stu-
dent develops her own thoughts, a primary learning strategy is
being applied. She is dealing cognitively-actively with the learn-
ing content and has constructed knowledge”). Next, both groups
were given corresponding examples from each of the four similar
categories (using excerpts from learning journals) and an expla-
nation as to why these are not primary learning strategies. At
that phase, what differed between the experimental and control
groups was that we made the framework group aware of the sim-
ilar categories (e.g., “primary learning strategies can be confused
with problem-solving strategies”) as a basis for rejecting intuitive
ideas of learning strategies (inappropriate pieces of knowledge).
Only the framework group received additional information about
which category the non-primary strategies belonged to, while the
control group did not. For example, regarding the similar cate-
gory “problem-solving strategies” we told the framework group:
“If a student is deliberating on what has been provided and on
what he is being asked to do, he is not applying a learning but
rather a problem-solving strategy, since that procedure primarily
helps to solve the problem.” We told the control group: “If a stu-
dent is deliberating on what has been provided and on what he is
being asked to do, he is not applying a learning strategy since that
procedure primarily helps to solve the problem.” Hence, student
teachers in the control group received the same factual informa-
tion, but no framework explaining the strategy categories that are
often mistaken for primary learning strategies. Omitting the cat-
egorical information was the main difference between the control
and framework groups. This “categorical information” is some-
how comparable to categorical refutational text (e.g., Skopeliti
and Vosniadou, 2008; Tippett, 2010; Sinatra and Broughton,
2011): the related strategy was refused to be a primary learning
strategy (for both groups) but only the framework group received
the information to which category the related strategy belonged
instead. Hence, the framework group acquired negative knowl-
edge (e.g., Gartmeier et al., 2008) that is knowledge about which
pieces of knowledge are incompatible and should be avoided dur-
ing later learning in the learning environment. The control group
did not receive such negative knowledge about primary learning
strategies.
In both conditions we presented specific prompts that guided
the learners to focus on the central concept of the pre-training
intervention. This is how we encouraged the student teachers to
study the pre-training contents more intensely. These prompts
were either identical or similar for both groups as far as possi-
ble. One example of a prompt is: “What is the most important
thing you have learned about primary learning strategies? What
did you find particularly hard to understand?” For the framework
group, an overview of the different categories concluded the pre-
training intervention. The control group received an overview
of the different examples concluding the pre-training interven-
tion. In addition, structure, colors, and the number of presented
pages (25 PowerPoint slides) of the pre-training interventions
were identical for both groups. Consequently, the framework and
control groups received similar materials in their pre-training
interventions.
Learning environment of primary learning strategies
After the preparatory pre-training intervention, the student
teachers learned with a computer-based learning environment
on how to classify primary learning strategies (taxonomy by
Weinstein and Mayer, 1986). In the learning environment,
excerpts of learning journals are used as examples for the primary
learning strategies. The main categories organization, elabora-
tion, and metacognition and their assessment were explained. We
did not limit learning time. A detailed description of the learning
environment is provided by Glogger et al. (2013).
Interest
We measured situational interest by six items (Magner et al.,
2014) on a 6-point Likert-scale (6: absolutely true, Cronbach’s α =
0.90). Three items were emotion-related (e.g., “It was entertain-
ing to learn how to assess primary learning strategies”) and three
items were value-related (e.g., “Learning how to assess primary
learning strategies is important”).
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Self-efficacy
We measured self-efficacy using five items constructed according
to Bandura’s guidelines (1989). The participants rated how they
expect to manage different tasks concerning primary learning
strategies (i.e., assessing primary learning strategies in learn-
ing journals; distinguishing different primary learning strategies;
teaching primary learning strategies; fostering students’ primary
learning strategies; distinguishing primary learning strategies
from similar strategies; Cronbach’s α = 0.89) on a 11-point scale
from 0% (not at all) to 100% (absolutely).
Post-test
In the post-test we measured the student-teachers’ knowledge
about primary learning strategies. The post-test consisted of four
types of tasks to measure different types of knowledge: a defi-
nition task, identification and explanation tasks, and verification
tasks. Items in the post-test covered only learning contents from
the learning environment.
In the definition task we asked the student teachers to define
primary learning strategies (as already done in the pretest; see the
Pretest section). We used the score in this task as a measure for the
student-teachers’ knowledge about the concept of primary learn-
ing strategies (definition). Two independent raters scored the level
of comprehension in the students’ answers to the open-ended
questions (not adjusted ICC = 0.90).
In the identification task, student teachers had to identify pri-
mary learning strategies in five post-test items. These items were
different excerpts from a learning journal in which one or sev-
eral primary learning strategies had been included. We analyzed
answers to open-ended post-test items using a self-developed
coding scheme. We gave one point if the teachers mentioned
learning strategies related to the main categories (i.e., rehearsal,
organization, elaboration, metacognition) provided in the learn-
ing environment (Cronbach’s α = 0.65). Two independent raters
scored 20% of the post-test answers (not adjusted ICC = 0.99).
We used this task’s score as a dependent variable for the ability to
identify primary learning strategies.
Additionally, the student teachers were asked to explain their
decisions. We measured the quality of explanations by a self-
developed coding scheme (capacity, consistency, and closure;
Biggs and Collis, 1982). Two independent raters scored 20% of
the post-test answers (not adjusted ICC = 0.98). This measure
displayed a low reliability estimate in terms of internal consis-
tency (Cronbach’s α = 0.55). However, Schmitt (1996) warned
against potential losses of eliminating measures with lower reli-
ability scores because even measures with low alpha levels can be
quite useful (we take up this issue in the Discussion). We used this
score to operationalize the quality of explanations.
In the verification task student teachers were asked to decide as
quickly as possible whether or not a presented activity was a pri-
mary learning strategy [46 items, Cronbach’s α = 0.83, e.g., gen-
erating an example (primary learning strategy); using a calculator
(not a primary learning strategy)]. Each item could be classified
into one of the categories presented in the pre-training interven-
tion. We measured the accessibility of learning by the number
of correctly classified learning strategies in the verification task
divided by the time needed to do this assignment.
Moreover, we computed as a dependent variable an aggregated
measure of efficiency. Efficiency was computed as the learning
outcome (sum of z-standardized values for correctly identify-
ing learning strategies and the quality of the explanation in
the identification task plus the identified learning strategies in
the verification task) divided by the time needed in the pre-
training intervention and the learning environment (Hoffman
and Schraw, 2010).
Mental effort
Mental effort is defined as the aspect of cognitive load that learn-
ers need to solve a task. It thus represents the actual cognitive
load while solving a task (Paas et al., 2003). We used subjec-
tive ratings of task difficulty as a measure of mental effort (Paas
and van Merriënboer, 1993, 1994). We measured the perceived
mental effort twice: after working with the pre-training interven-
tion (Cronbach’s α = 0.71) and after working with the learning
environment (Cronbach’s α = 0.78). Each scale consisted of four
items on a 7-point Likert-scale and was adapted to the respective
tasks (7: I fully agree, e.g., “it took me a lot of effort to understand
what primary learning strategies are”).
PROCEDURE
The study was embedded in two regular seminars for student
teachers to which they were assigned randomly. The framework
and the control groups completed the study on two different
days (Tuesday and Wednesday) at the same time. First we
assessed participants’ prior knowledge about learning strategies
as well as their self-rated prior knowledge. Next, the student
teachers received the condition-specific pre-training intervention
(M = 21.12min, SD = 4.85min). They then worked in the
computer-based learning environment (M = 17.49min, SD =
6.44min). Then we assessed the student teachers’ topic-specific
interest. The student teachers completed the post-test. The entire
procedure was computer-based. The student teachers needed an
average 64.47min (SD = 9.66min) to complete the experiment.
RESULTS
Table 1 displays the means and standard deviations of key vari-
ables in both conditions. An alpha level of 0.05 was used for
all statistical tests. As an effect size measure, we used partial η2
Cohen (1988)—qualifying values < 0.06 as small effects, val-
ues in the range between 0.06 and 0.13 as medium effects, and
values> 0.13 as large effects.
PRE-ANALYSIS
Groups did not differ in prior knowledge or demographic vari-
ables such as age, grades in mathematics and A-levels (high
school GPA), teaching experiences, numbers of semesters, mother
tongue, and general computer skills (all ps> 0.10). The materials
were provided in German. In the framework group, all partici-
pants spoke Luxembourgian (very similar to German) as their
first language, whereas all but five participants in the control
group had German or Luxembourgian as the mother tongue.
More participants in the control group reported having expe-
rience with assessing learning strategies (27.6 vs. 7.4% in the
framework group). None of the variables mentioned in this
paragraph were predictors for learning outcomes.
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Table 1 | Means (and standard deviations) of learning outcome
measures
Framework Control η2
group (N = 27) group (N = 29)
M (SD) M (SD)
Pretest 1.41 (1.94) 1.00 (1.12) 0.01
Self-rated prior knowledge (%) 47.78 (18.05) 49.31 (15.10) 0.00
TIME (in minutes)
Pre-Training 23.27 (3.70) 19.20 (4.19) 0.18***
Learning environment 17.70 (3.55) 17.29 (3.37) 0.00
Verification task 4.42 (1.04) 5.45 (1.99) 0.10**
MENTAL EFFORT
Pre-training 3.10 (0.68) 3.16 (0.93) 0.00
Learning environment 2.88 (0.79) 3.00 (0.99) 0.01
LEARNING OUTCOMES
Definition of learning strategies 1.91 (0.84) 1.28 (0.58) 0.17**
Identification of learning strategies 5.70 (1.79) 4.59 (1.82) 0.09*
Quality of explanation 0.82 (0.34) 0.65 (0.31) 0.07*
Verification task 36.93 (5.36) 35.21 (4.70) 0.03
Accessibility (correct items in the
verification task/ task-duration)
0.15 (0.04) 0.12 (0.04) 0.09*
Efficiency (learning
outcome/learning time)
0.11 (0.41) −0.10 (0.38) 0.07*
Interest 5.27 (0.78) 4.84 (0.95) 0.06*
Self-efficacy (%) 61.85 (14.57) 54.00 (15.58) 0.07*
*p < 0.05; **p < 0.01; ***p < 0.001.
With respect to prior knowledge, the overall mean was 1.20
(SD = 1.57), that is, very low. 39.3% of the student teachers did
not score any points in the pretest. The median was 1. In the
first question (definition of primary learning strategies), themean
score was M = 0.44 (SD = 0.67) (maximum score for this ques-
tion was 3 points). In the second question (examples of primary
learning strategies) the mean score was M = 0.70 (SD = 1.06)
(no maximum score, one point for each correct strategy). In
the third question (difference between primary and secondary
learning strategies) the mean score was M = 0.06 (SD = 0.23)
(maximum score for this question was 1 point). The pretest scores
were not predictive for any outcome variables, presumably due to
floor effects. It thus made no sense to use prior knowledge as a
covariate in further analyses.
We also analyzed student teachers’ knowledge that was incom-
patible with the normative knowledge in terms of the four similar
categories. Overall the student teachers mentioned on average
1.16 similar categories in the pretest. The median was 1.00. Only
26.8% mentioned no similar category. In greater detail: 28.6%
mentioned at least one secondary learning strategy, 10.7% using
tools once or more often, 32.1% had at least one problem-solving
strategy, and 33.9% at least one teaching strategy. There were no
differences between groups with respect to the aforementioned
similar categories.
Student teachers in the conditions did not differ in the
time spent in the learning environment, however, the frame-
work group worked with the pre-training intervention signifi-
cantly longer (M = 23.27min, SD = 3.70min) than the control
group (M = 19.20min, SD = 4.19). We considered the time
spent in the pre-training intervention when calculating the effi-
ciency measure (for a more detailed description see the method
section).
HYPOTHESES TESTING
To test our hypotheses on the pre-training effects, we conducted
t-tests (one-tailed). In the post-test, the framework group men-
tioned significantly more main criteria of primary learning strate-
gies (ability to define primary learning strategies) than the con-
trol group, t(54) = −3.29, p = 0.001, η2 = 0.17. Our Definition
Hypothesis was thus confirmed.
The framework group significantly outperformed the con-
trol group in their ability to identify primary learning strategies,
t(54) = −2.31, p = 0.01, η2 = 0.09. We thus also confirmed the
Identification Hypothesis. Moreover, the framework group sig-
nificantly outperformed the control group in the quality their
explanations about whether or not something was a primary
learning strategy, t(54) = −1.93 p = 0.03, η2 = 0.07, confirm-
ing the Explanation Hypothesis as well. In the verification task,
the framework and the control group did not significantly differ
in correctly assigning primary learning strategies t(54) = −1.28,
p = 0.10, η2 = 0.03.
Furthermore, we measured the accessibility of knowledge
about primary learning strategies by calculating the number of
correctly-categorized items (primary learning strategy vs. no pri-
mary learning strategies) in the verification task divided by the
time spent on this task. The framework group outperformed the
control group concerning accessibility, t(54) = −2.29, p = 0.01,
η2 = 0.09. That is, the framework group categorized an approx-
imately equal number of items correctly in less time, t(43) =
2.46 p < 0.01, η2 = 0.10, thus confirming the Accessibility
Hypothesis.
We determined the efficiency measure of learning as the ratio
of the learning outcome divided by learning time in the pre-
training intervention and learning environment. We identified an
extreme value in one participant for the time spent in the learn-
ing environment. We changed this score to fall one unit above the
next-highest score in the data set (Field, 2009). The data on the
time in the pre-training intervention and the learning environ-
ment were not normally distributed. We therefore transformed
the data logarithmically to lessen the impact of outliers and
skew (Whelan, 2008). We computed the measure of the learning
outcomes out of z scores for the identification measure, the expla-
nation measure, and the number of correctly identified strategies
in the verification task. In learning-efficiency terms, the frame-
work group also outperformed the control group, t(50) = −1.87,
p = 0.03; η2 = 0.07. The framework group revealed higher
learning outcomes, t(54) = −2.62, p = 0.01, η2 = 0.09 although
they spent significantly more time in the pre-training inter-
vention and in the learning environment, t(50) = −2.84, p <
0.01, η2 = 0.14. Hence, our Hypothesis of Efficiency was con-
firmed. However, this difference was only due to higher learning
outcomes.
We detected no significant differences between the frame-
work and control groups in the mental effort perceived during
the pre-training intervention, t(54) = 0.24, p = 0.40, η2 = 0.00
and during the learning environment t(54) = 0.54, p = 0.29,
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η2 = 0.01. Thus, the Mental-effort Hypothesis was thus not
confirmed.
The participants’ self-efficacy in working with the concept
of primary learning strategies was on average M = 57.79%
(SD = 15.48). The framework group claimed to have signifi-
cantly higher self-efficacy values after working with the learning
environment, t(54) = −1.94, p = 0.03, η2 = 0.07 (Table 1), thus
confirming the Self-efficacy Hypothesis. The student teachers’
interest in assessing primary learning strategies was relatively high
overall after working in the learning environment (M = 5.05,
SD = 0.88, scale from 1 = low to 7 = high). Nevertheless, par-
ticipants in the framework condition were significantly more
interested in learning strategies after working in the learning
environment t(54) = −1.83, p = 0.04, η2 = 0.06 (Table 1). We
therefore confirmed the Interest Hypothesis.
For explorative reasons we analyzed the frequency and type of
similar categories in all post-test tasks. In so doing we observed
that the framework group mentioned significantly fewer sim-
ilar categories than the control group, t(54) = 1.67, p = 0.05,
η2 = 0.05. More specifically, they mentioned fewer teaching
strategies, t(54) = 2.43, p = 0.005, η2 = 0.10 and fewer problem-
solving strategies, t(54) = 1.93, p = 0.03, η2 = 0.07.
DISCUSSION
We propose the instructional approach of providing a categori-
cal framework in order to enable learners with prior knowledge
in pieces to learn more, more intensively, and more efficiently.
Our findings demonstrate beneficial effects of the framework
we provided on all outcome measures except mental effort. The
student teachers in the framework group were better able and
equipped to provide a definition of primary learning strate-
gies (Definition Hypothesis, large effect) and to identify primary
learning strategies correctly (Identification Hypothesis, medium
effect). Furthermore, student teachers in the framework group
gave better explanations (Explanation Hypothesis, medium effect)
which can be considered an indicator of deeper knowledge.
Moreover, student teachers in the framework group were able to
access their knowledge about primary learning strategies more
quickly (Accessibility Hypothesis, medium effect). Furthermore,
they learned more efficiently (Efficiency Hypothesis, medium
effect) in that they displayed a significantly better learning out-
come (although needing more time than the control group).
However, as just mentioned, we detected no significant dif-
ferences in mental effort (Mental-effort Hypothesis). We found
the expected positive effects from the categorical pre-training
intervention on the motivational variables. Student teachers in
the framework group claimed to possess both higher levels
of self-efficacy and interest (Self-efficacy Hypothesis and Interest
Hypothesis, bothmedium effects) to assess their students’ primary
learning strategies.
(Student) teachers’ professional knowledge about primary
learning strategies implies that they are capable of distinguishing
primary learning strategies from one another and from similar
strategies. Furthermore, (student) teachers need to be aware of
the different functions of learning strategies, and the specific con-
texts in which they should be applied. The student teachers in
the framework group learned more and in greater depth about
primary learning strategies and could assess this knowledge faster
than the control group. This is an important finding, because
well-organized knowledge can be regarded as a prerequisite for
teachers to be able to assess and foster learning strategies in their
classrooms.
Gaining appropriate knowledge about learning strategies is
just the first step toward (student) teachers applying this knowl-
edge in classrooms. However, we found that our framework group
was significantly more interested in assessing primary learning
strategies and that they claimed to possess higher levels of self-
efficacy in that regard. Higher levels of both self-efficacy and
interest can increase the probability that learners will apply the
knowledge they have acquired (Renkl et al., 1996).
The effect we observed on teachers’ efficiency is in line with
our assumption that our abstract, categorical scheme served as a
cognitive framework upon which the student teachers could reor-
ganize their prior knowledge. This framework might have sug-
gested to them a new way of restructuring their prior knowledge
and of “moving” pieces of knowledge that were incompatible with
the scientific knowledge at hand to categories other than primary
learning strategies (secondary learning strategies, using tools,
problem-solving strategies, and teaching strategies). Such reor-
ganized prior knowledge may have reduced conceptual cognitive
disorientation while learning about primary learning strategies.
However, this is a tentative explanation that cannot be specifically
addressed in this study. Future studies should include an analysis
of the topic domain, namely how knowledge that is incompatible
with the normative knowledge is based on fragmented knowledge
and how increased coherence is what is required.
We did not observe differences in the student teachers’ per-
ceived mental effort comparing both groups. However, this does
not necessarily imply that there were no differences in their
intrinsic cognitive load. It might well be that the intrinsic cog-
nitive load decreased. The learners however could have used their
freed cognitive resources to change their concept. The framework
group achieved better learning outcomes and, in part, concep-
tual reorganization. Conceptual restructuring processes, however,
accompany high mental effort. Hence, possible effects of reduced
mental effort due to the pre-training intervention might were dis-
guised by mental load caused by conceptual change processes and
resulted in better knowledge. For example, Muller et al. (2008)
found that students who perceived information involving alterna-
tive conceptions reported greater mental effort but also attained
higher post-test scores than students receiving standard material.
They assumed this cognitive load to be a necessary, learning-
related load to achieve conceptual change. However, unless we
have a valid measure for intrinsic cognitive load we do not know
if intrinsic cognitive load is a significant factor in the present
study.
Our pre-training intervention provides learners with infor-
mation on a higher level of abstraction in order to support the
organization of knowledge. How can our approach be embed-
ded in the existing body of research concerning prior knowledge?
According a broader view of advanced organizers our pre-training
intervention can be seen as a type of advance organizer. More
recently an advanced organizer was conceptualized as a “(. . . )
vehicle for suggesting an appropriate scheme for a reader to
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access (. . . )” (Corkill, 1992, p. 40; Gurlitt et al., 2012), the
refutational text elements provided in the pre-training interven-
tion can also be seen as a kind of advance organizer (Sinatra
and Broughton, 2011). However, according to a traditional view
of advance organizers (e.g., Ausubel, 1960) there are three main
differences between our pre-training intervention and a classical
advance organizer. (1) Traditional (“expository”) advance orga-
nizers (Ausubel and Fitzgerald, 1961) activate prior knowledge.
Our pre-training intervention activates prior knowledge but like-
wise aims to change prior knowledge. (2) Traditional advance
organizers are directly related to the following learning contents.
Our pre-training intervention, however, provides information
about contrasting concepts in order to render the relevant con-
cept (primary learning strategies) more salient and is therefore
only related indirectly to the learning content (hierarchical and
lateral concepts; somewhat similar to comparative advance orga-
nizers, e.g., Ausubel and Fitzgerald, 1961). (3)We present learners
with categorical refutational elements which advance organiz-
ers do not. In a nutshell, our pre-training intervention can in a
broader view be seen as a type of advance organizer.
LIMITATIONS AND ALTERNATIVE EXPLANATIONS
Despite our promising study results here there are limitations that
need to be addressed. One limitation concerns our assessment
of the student teachers’ explanations. We noted a less reliable
score for this measurement (Cronbach’s α = 0.55). However, we
identified very consistent effects on all different learning-outcome
aspects. Thus, we assume that the effect on the explanation qual-
ity can be interpreted (although with some caution). In addition,
Schmitt (1996) argued that measures with lower alpha levels can
also be quite useful.
Although the pretest scores were not significantly different (at
p = 0.43) the mean pre-test scores differed slightly in favor of the
experimental condition. However, the correlations between the
pre-test score and any of the outcome variables ranged between
r = −0.19 and r = 0.23 and failed to attain statistical signifi-
cance. Hence, it is very unlikely that the effects noted in this study
are due to differences in prior knowledge between the conditions.
A further study limitation is that we did not limit learning
times. Student teachers in the framework condition invested sig-
nificantly more time than the control group on the task in the
pre-training phase. We thus need to consider that effects could
have been caused by time spent in the pre-training intervention.
However, when we included the time spent in the pre-training
intervention as a covariate we still observed significant effects
in conjunction with the condition in terms of our learning-
outcome measures. Furthermore, we calculated the efficiency
measure considering learning time in the pre-training interven-
tion. The framework group still outperformed the control group
when the ratio between learning outcome and learning time is
compared.
Moreover, further research is needed to verify whether provid-
ing an abstract, categorical schema as cognitive framework also
has long-term effects on learning. Nevertheless, the effects on the
motivational variables (interest and self-efficacy) could be inter-
preted as fostering the applicability and transfer of knowledge so
that long-term effects might be possible.
Furthermore, we only tested the approach of providing a
categorical framework on teachers’ knowledge about primary
learning strategies. Our study findings alone do not allow us
to generalize across other learning contents. However, there
is evidence that individual components of our pre-training
intervention—namely, providing an abstract schema and categor-
ical information—also work in different knowledge domains. For
example, provision of an abstract scheme was suitable for techni-
cal areas (e.g., function-process-structure schema, Kalyuga et al.,
2010; Kalyuga and Hanham, 2011; Kalyuga, 2013) and for bio-
logical knowledge (Hmelo-Silver and Pfeffer, 2004). Still, further
research should address whether an abstract cognitive framework
also works in other knowledge domains.
CONCLUSION
The present approach combines an intervention form (pre-
training) inspired by research on pre-training and on knowledge
in pieces. Until now, research has rarely focused on concrete
instructional procedures to address fragmentary knowledge.
Overall, this study demonstrates that providing a general scheme
can be a promising approach to overcome the barrier of (partly)
incorrect prior knowledge in pieces. Moreover, it expands the
research on pre-training interventions as inspired by cognitive
load theory to domains in which learners have incompatible
intuitive knowledge.
ACKNOWLEDGMENTS
The research reported in this article was supported by the
Graduate School Pro|Mat|Nat (Educational Professionalism in
Mathematics and Natural Sciences). The Graduate School is
funded by the state of Baden-Wuerttemberg, Germany. The arti-
cle processing charge was funded by the open access publication
fund of the Albert-Ludwigs-University Freiburg.
SUPPLEMENTARY MATERIAL
The Supplementary Material for this article can be found online
at: http://www.frontiersin.org/journal/10.3389/fpsyg.2014.
00664/abstract
REFERENCES
Alexander, P. A., Kulikowich, J. M., and Schulze, S. K. (1994). How subject-matter
knowledge affects recall and interest. Am. Educ. Res. J. 31, 313–337.
Annevirta, T., and Vauras, M. (2001). Metacognitive knowledge in primary
grades: a longitudinal study. Eur. J. Psychol. Educ. 16, 257–282. doi:
10.1007/BF03173029
Ashe, D., and Bibi, S. (2011). “Unpacking TPACK and students’ approaches to
learning: applying knowledge in pieces to higher education teaching and learn-
ing,” in Paper Presented at Ascilite Conference, Changing Demands, Changing
Directions (Hobart, TAS).
Ausubel, D. P. (1960). The use of advance organizers in the learning and
retention of meaningful verbal material. J. Educ. Psychol. 51, 267–272. doi:
10.1037/h0046669
Ausubel, D. P., and Fitzgerald, D. (1961). The role of discriminability in mean-
ingful learning and retention. J. Educ. Psychol. 52, 266–274. doi: 10.1037/h00
45701
Ayres, P. (2013). Can the isolated-elements strategy be improved by targeting points
of high cognitive load for additional practice? Learn. Instrum. 23, 115–124. doi:
10.1016/j.learninstruc.2012.08.002
Bandura, A. (1986). Social Foundations of Thought and Action: a Social Cognitive
Theory. Englewood Cliffs, NJ: Prentice-Hall.
www.frontiersin.org July 2014 | Volume 5 | Article 664 | 9
Ohst et al. Overcoming prior knowledge in pieces
Bandura, A. (1989). Regulation of cognitive processes through perceived self-
efficacy. Dev. Psychol. 25, 729–735. doi: 10.1037/0012-1649.25.5.729
Bandura, A. (1997). Self-Efficacy: the Exercise of Control. New York, NY: W. H.
Freeman.
Biggs, J. B., and Collis, K. F. (1982). Evaluating the Quality of Learning: the
SOLO Taxonomy (Structure of the Observed Learning Outcome). New York, NY:
Academic Press.
Bråten, I., and Strømsø, H. I. (2003). A longitudinal think-aloud study of sponta-
neous strategic processing during the reading of multiple expository texts. Read.
Writ. 16, 195–218. doi: 10.1023/A:1022895207490
Carraher, T. N., Carraher, D. W., and Schliemann, A. D. (1985). Mathematics in
the streets and in schools. Br. J. Dev. Psychol. 3, 21–29. doi: 10.1111/j.2044-
835X.1985.tb00951.x
Clift, R. T., Ghatala, E. S., Naus, M. M., and Poole, J. (1990). Exploring teachers’
knowledge of strategic study activity. J. Exp. Educ. 58, 253–263.
Cohen, J. (1988). Statistical Power Analysis for the Behavioral Sciences, 2nd Edn.
Hillsdale, NJ: Erlbaum.
Corkill, A. J. (1992). Advance organizers: facilitators of recall. Educ. Psychol. Rev. 4,
33–67. doi: 10.1007/BF01322394
Dignath, C., Buettner, G., and Langfeldt, H.-P. (2008). How can primary school
students learn self-regulated learning strategies most effectively? Educ. Res. Rev.
3, 101–129. doi: 10.1016/j.edurev.2008.02.003
diSessa, A. A. (1993). Toward an epistemology of physics. Cogn. Instr. 10, 105–225.
doi: 10.1080/07370008.1985.9649008
diSessa, A. A. (2002). “Why “conceptual ecology” is a good idea,” in Reconsidering
Conceptual Change Issues in Theory and Practice, eds M. Limon and L. Mason
(Dordrecht: Kluwer Academic Publishers), 29–60.
diSessa, A. A., and Wagner, J. F. (2005). “What coordination has to say
about transfer,” in Transfer of Learning from a Modern Multi-Disciplinary
Perspective, ed J. Mestre (Greenwich, CT: Information Age Publishing),
121–154.
Eley, M. G. (2006). Teachers’ conceptions of teaching, and the making of specific
decisions in planning to teach. High. Educ. 51, 191–214. doi: 10.1007/s10734-
004-6382-9
Field, A. P. (2009). Discovering Statistics Using SPSS, 3rd Edn. London: SAGE
Publications.
Gaile, D., Gold, A., and Souvignier, E. (2007). Text Detectives: Teacher’s Manuel.
Göttingen: Vandenhoeck & Ruprecht.
Gartmeier, M., Bauer, J., Gruber, H., and Heid, H. (2008). Negative knowledge:
understanding professional learning and expertise. Vocations Learn. 1, 87–103.
doi: 10.1007/s12186-008-9006-1
Gegenfurtner, A. (2011). Motivation and transfer in professional training: a
meta-analysis of the moderating effects of knowledge type, instruction, and
assessment conditions. Educ. Res. Rev. 6, 153–168. doi: 10.1016/j.edurev.2011.
04.001
Glogger, I., Ampatziadis, Y., Ohst, A., and Renkl, A. (2014). “Student teach-
ers’ knowledge on assessment of learning strategies: Misconceptions and
Knowledge-in-pieces,” in Paper Presented at the EARLI SIG 11 “Teacher Learning
and Professional Development” (Frauenchiemsee).
Glogger, I., Holzäpfel, L., Kappich, J., Schwonke, R., Nückles, M., and Renkl, A.
(2013). Development and evaluation of a computer-based learning environ-
ment for teachers: assessment of learning strategies in learning journals. Educ.
Res. Int. 2013, 1–12. doi: 10.1155/2013/785065
Glogger, I., Holzäpfel, L., Schwonke, R., Nückles, M., and Renkl, A. (2009).
Activation of learning strategies in writing learning journals. Ger. J. Educ.
Psychol. 23, 95–104. doi: 10.1024/1010-0652.23.2.95
Glogger, I., Kappich, J., Schwonke, R., Holzäpfel, L., Nückles, M., and Renkl,
A. (2011). “The mere exposure to a problem prepares teacher students for
learning,” in Paper Presented at the 14th Biennial Conference of the European
Association for Learning and Instruction (Exeter).
Glogger, I., Schwonke, R., Holzäpfel, L., Nückles, M., and Renkl, A. (2012).
Learning strategies assessed by journal writing: pediction of learning outcomes
by quantity, quality, and combinations of learning strategies. J. Educ. Psychol.
104, 452–468. doi: 10.1037/a0026683
Gurlitt, J., Dummel, S., Schuster, S., and Nückles, M. (2012). Differently structured
advance organizers lead to different initial schemata and learning outcomes.
Instr. Sci. 40, 351–369. doi: 10.1007/s11251-011-9180-7
Hamman, D. (1998). Preservice teachers’ value for learning-strategy instruction.
J. Exp. Educ. 66, 209–221. doi: 10.1080/00220979809604405
Hamman, D., Berthelot, J., Saia, J., and Crowley, E. (2000). Teachers’ coaching
of learning and its relation to students’ strategic learning. J. Educ. Psychol. 92,
342–348. doi: 10.1037/0022-0663.92.2.342
Harlow, D. B., Bianchini, J. A., Swanson, L. H., and Dwyer, H. A. (2013). Potential
teachers’ appropriate and inappropriate application of pedagogical resources in
a model-based physics course: a “knowledge in pieces” perspective on teacher
learning. J. Res. Sci. Teach. 50, 1098–1126. doi: 10.1002/tea.21108
Hidi, S. (1990). Interest and its contribution as a mental resource for learning. Rev.
Educ. Res. 60, 549–571. doi: 10.3102/00346543060004549
Hmelo-Silver, C. E., and Pfeffer,M. G. (2004). Comparing expert and novice under-
standing of a complex system from the perspective of structures, behaviors, and
functions. Cogn. Sci. 28, 127–138. doi: 10.1207/s15516709cog2801_7
Hoffman, B., and Schraw, G. (2010). Conceptions of efficiency: applica-
tions in learning and problem solving. Educ. Psychol. 45, 1–14. doi:
10.1080/00461520903213618
Hopper, T., Sanford, K., and Bonsor-Kurki, S. (2012). Stitching together a
teacher’s body of knowledge: Frankie N. Stein’s eportfolio. Elea 9, 29–42. doi:
10.2304/elea.2012.9.1.29
Ineson, E. M., Jung, T., Hains, C., and Kim, M. (2013). The influence of prior sub-
ject knowledge, prior ability and work experience on self-efficacy. J. Hosp. Leis.
Sport Tour. Educ. 12, 59–69. doi: 10.1016/j.jhlste.2012.11.002
Jonassen, D. H. (2000). Toward a design theory of problem solving. Educ. Technol.
Res. Dev. 48, 63–85. doi: 10.1007/BF02300500
Kali, Y., Goodyear, P., and Markauskaite, L. (2011). Researching design
practices and design cognition: contexts, experiences and pedagog-
ical knowledge−in−pieces. Learn. Media Technol. 36, 129–149. doi:
10.1080/17439884.2011.553621
Kalyuga, S. (2013). Enhancing transfer by learning generalized domain knowl-
edge structures. Eur. J. Psychol. Educ. 28, 1477–1493. doi: 10.1007/s10212-013-
0176-3
Kalyuga, S., and Hanham, J. (2011). Instructing in generalized knowledge struc-
tures to develop flexible problem solving skills. Comput. Hum. Behav. 27, 63–68.
doi: 10.1016/j.chb.2010.05.024
Kalyuga, S., Renkl, A., and Paas, F. (2010). Facilitating flexible problem solving: a
cognitive load perspective. Educ. Psychol. Rev. 22, 175–168. doi: 10.1007/s10648-
010-9132-9
Kane, R., Sandretto, S., and Heath, C. (2002). Telling half the story: a critical review
of research on the teaching beliefs and practices of university academics. Rev.
Educ. Res. 72, 177–228. doi: 10.3102/00346543072002177
Klauer, K. J., and Leutner, D. (eds). (2012). Lehren und Lernen: Einführung in Die
Instruktions Psychologie [Teaching and Learning: Introduction to Instructional
Psychology], 2nd Edn. Weinheim: Beltz.
Krapp, A., and Weidenmann, B. (eds). (2001). Pädagogische Psychologie: Ein
Lehrbuch [Educational Psychology: a Textbook], 4th Edn. Weinheim: Beltz.
Landmann, M., Perels, F., Otto, B., and Schmitz, B. (2009). “Selbstregulation [Self-
regulation],” in Pädagogische Psychologie [Educational Psychology], eds E. Wild
and J. Möller (Heidelberg: Springer), 49–70.
Lee, B., Cawthon, S., and Dawson, K. (2013). Elementary and secondary teacher
self-efficacy for teaching and pedagogical conceptual change in a drama-
based professional development program. Teach. Teach. Educ. 30, 84–98. doi:
10.1016/j.tate.2012.10.010
Leutner, D., Leopold, C., and den Elzen-Rump, V. (2007). Self-regulated learning
with a text-highlighting strategy. Z. Psychol. 215, 174–182. doi: 10.1027/0044-
3409.215.3.174
Magner, U. I., Schwonke, R., Aleven, V., Popescu, O., and Renkl, A. (2014).
Triggering situational interest by decorative illustrations both fosters and
hinders learning in computer-based learning environments. Learn. Instr. 29,
141–152. doi: 10.1016/j.learninstruc.2012.07.002
Martinez-Pons, M. (2001). Psychology of Teaching and Learning: A Three Step
Approach. New York, NY: Continuum.
Mayer, R. E., Mathias, A., and Wetzell, K. (2002). Fostering understanding of
multimedia messages through pre-training: evidence for a two-stage theory of
mental model construction. J. Exp. Psychol. Appl. 8, 147–154. doi: 10.1037/1076-
898X.8.3.147
McCormick, C. B., Miller, G., and Pressley, M. (eds). (1989). Cognitive Strategy
Research: From Basic Research to Educational Applications. New York, NY:
Springer-Verlag.
McCormick, C. B., and Pressley, M. (1997). Educational Psychology: Learning,
Instruction, and Assessment. New York, NY: Longman.
Frontiers in Psychology | Educational Psychology July 2014 | Volume 5 | Article 664 | 10
Ohst et al. Overcoming prior knowledge in pieces
Moely, B. E., Hart, S. S., Leal, L., Santulli, K. A., Rao, N., Johnson, T., et al.
(1992). The teacher’s role in facilitating memory and study strategy develop-
ment in the elementary school classroom. Child Dev. 63:653. doi: 10.2307/11
31353
Moely, B. E., Santulli, K. A., and Obach, M. S. (1995). “Strategy instruction,
metacognition, andmotivation in the elementary school classroom,” inMemory
Performance and Competencies: Issues in Growth and Development, eds F. E.
Weinert and W. Schneider (Hillsdale, NJ: Lawrence Erlbaum Associates, Inc),
301–321.
Moos, D. C., and Azevedo, R. (2009). Self-efficacy and prior domain knowledge:
to what extent does monitoring mediate their relationship with hypermedia
learning? Metacogn. Learn. 4, 197–216. doi: 10.1007/s11409-009-9045-5
Muller, D. A., Sharma, M. D., and Reimann, P. (2008). Raising cognitive load with
linear multimedia to promote conceptual change. Sci. Educ. 92, 278–296. doi:
10.1002/sce.20244
Orrill, C. H., and Eriksen Brown, R. (2012). Making sense of double number
lines in professional development: exploring teachers’ understandings of pro-
portional relationships. J. Math. Teach. Educ. 15, 381–403. doi: 10.1007/s10857-
012-9218-z
Ozdemir, O. F. (2013). Transfer and conceptual change: the change process from
the theoretical perspectives of coordination classes and phenomenological
primitives. Instr. Sci. 41, 81–103. doi: 10.1007/s11251-012-9219-4
Özdemir, G., and Clark, D. B. (2007). An overview of conceptual change theories.
Eurasia J. Math. Sci. Technol. Educ. 3, 351–361.
Paas, F. G.W. C., and vanMerriënboer, J. J. G. (1993). The efficiency of instructional
conditions: an approach to combine mental effort and performance measures.
Hum. Factors 35, 737–743. doi: 10.1177/001872089303500412
Paas, F. G. W. C., and van Merriënboer, J. J. G. (1994). Variability of worked
examples and transfer of geometrical problem-solving skills: a cognitive-load
approach. J. Educ. Psychol. 86, 122–133. doi: 10.1037/0022-0663.86.1.122
Paas, F., Touvinen, J. E., Tabber, H., and van Gerven, P. W. M. (2003). Cognitive
load measurement as a means to advance cognitive load theory. Educ. Psychol.
38, 63–71. doi: 10.1207/S15326985EP3801_8
Pajares, F. (1996). Self-efficacy beliefs and mathematical problem-solving of
gifted students. Contemp. Educ. Psychol. 21, 325–344. doi: 10.1006/ceps.
1996.0025
Paris, S. G., Newman, R. S., andMcVey, K. A. (1982). Learning the functional signif-
icance of mnemonic actions: a microgenetic study of strategy acquisition. J. Exp.
Child Psychol. 34, 490–509. doi: 10.1016/0022-0965(82)90073-X
Perry, N., Phillips, L., and Dowler, J. (2004). Examining features of tasks and their
potential to promote self-regulated learning. Teach. Coll. Rec. 106, 1854–1878.
doi: 10.1111/j.1467-9620.2004.00408.x
Pollock, E., Chandler, P., and Sweller, J. (2002). Assimilating complex information.
Learn. Instrum. 12, 61–86. doi: 10.1016/s0959-4752(01)00016-0
Postareff, L., Katajavuori, N., Lindblom−Ylänne, S., and Trigwell, K. (2008).
Consonance and dissonance in descriptions of teaching of university teachers.
Stud. High. Educ. 33, 49–61. doi: 10.1080/03075070701794809
Pugh, K. J., and Bergin, D. A. (2006). Motivational influences on transfer. Educ.
Psychol. 41, 147–160. doi: 10.1207/s15326985ep4103_2
Renkl, A., Gruber, H., and Mandl, H. (1996). Inert knowledge: analyses and
remedies. Educ. Psychol. 31, 115–121. doi: 10.1207/s15326985ep3102_3
Renninger, K. A. (2000). “Individual interest and its implications for under-
standing intrinsic motivation,” in IntrinsicaAnd Extrinsic Motivation, eds C.
Sansone and J. M. Harackiewicz (San Diego, CA: American Press), 373–404.
doi: 10.1016/B978-012619070-0/50035-0
Robertson, W. C. (1990). Detection of cognitive structure with protocol data: pre-
dicting performance on physics transfer problems. Cogn. Sci. 14, 253–280. doi:
10.1207/s15516709cog1402_3
Rosenshine, B. (1997). “The case for explicit, teacher-led cognitive strategy instruc-
tion,” Paper presented at the Annual Meeting of the American Educational
Research Association (Chicago, IL).
Schmitt, N. (1996). Uses and abuses of coefficient alpha. Psychol. Assess. 8, 350–353.
doi: 10.1037/1040-3590.8.4.350
Schunk, D. H. (1996). Goal and self-evaluative influences during children’s cog-
nitive skill learning. Am. Educ. Res. J. 33, 359–382. doi: 10.3102/00028312033
002359
Schunk, D. H., and Pajares, F. (2002). “The development of academic self-efficacy,”
in Development of Achievement Motivation, eds A. Wigfield and J. Eccles (San
Diego: Academic Press), 16–31.
Schworm, S., and Renkl, A. (2006). Computer-supported example-based learning:
when instructional explanations reduce self-explanations. Comput. Educ. 46,
426–445. doi: 10.1016/j.compedu.2004.08.011
Sinatra, G. M., and Broughton, S. H. (2011). Bridging reading comprehension and
conceptual change in science education: the promise of refutation text. Read.
Res. Quart. 46, 374–393. doi: 10.1002/RRQ.005
Sitzmann, T., and Yeo, G. (2013). A meta-analytic investigation of the within-
person self-efficacy domain: is self-efficacy a product of past perfor-
mance or a driver of future performance? Pers. Psychol. 66, 531–568. doi:
10.1111/peps.12035
Skopeliti, I., and Vosniadou, S. (2008). “Categorical information improves
the effectiveness of refutational texts,” Paper Presented at the International
Conference on Conceptual Change (Turku).
Strømsø, H. I., Bråten, I., and Samuelstuen, M. S. (2003). Students’ strategic use
of multiple sources during expository text reading: a longitudinal think-aloud
study. Cogn. Instruct. 21, 113–147. doi: 10.1207/S1532690XCI2102_01
Sweller, J. (2010). Element interactivity and intrinsic, extraneous, and germane
cognitive load. Educ. Psychol. Rev. 123–138. doi: 10.1007/s10648-010-9128-5
Sweller, J., and Chandler, P. (1994). Why some material is difficult to learn. Cogn.
Instruct. 12, 185–233. doi: 10.1207/s1532690xci1203_1
Tippett, C. D. (2010). Refutation text in science education: a review of two decades
of research. Int. J. Sci. Math. Educ. 8, 951–970. doi: 10.1007/s10763-010-9203-x
Wagner, J. F. (2006). Transfer in pieces. Cogn. Instruct. 24, 1–71. doi: 10.1207/s1532
690xci2401_1
Wäschle, K., Allgaier, A., Lachner, A., Fink, S., and Nückles, M. (2014).
Procrastination and self-efficacy: tracing vicious and virtuous circles in self-
regulated learning. Learn. Instr. 29, 103–114. doi: 10.1016/j.learninstruc.2013.
09.005
Weinstein, C. E., Husman, J., and Dierking, D. R. (2000). “Self-regulation interven-
tions with a focus on learning strategies,” in Handbook of Self-Regulation (San
Diego, CA: American Press), 727–747. doi: 10.1016/B978-012109890-2/50051-2
Weinstein, C. E., and Mayer, R. E. (1986). “The teaching of learning strategies,” in
Handbook of research in teaching, ed C. M. Wittrock (New York, NY: Macmillan
Publishing Company), 315–327.
Whelan, R. (2008). Effective analysis of reaction time data. Psychol. Rec. 58,
475–482.
Williams, T., and Williams, K. (2010). Self-efficacy and performance in mathemat-
ics: reciprocal determinism in 33 nations. J. Educ. Psychol. 102, 453–466. doi:
10.1037/a0017271
Conflict of Interest Statement: The authors declare that the research was con-
ducted in the absence of any commercial or financial relationships that could be
construed as a potential conflict of interest.
Received: 22 April 2014; paper pending published: 21 May 2014; accepted: 09 June
2014; published online: 03 July 2014.
Citation: Ohst A, Fondu BME, Glogger I, NücklesM and Renkl A (2014) Preparing
learners with partly incorrect intuitive prior knowledge for learning. Front. Psychol.
5:664. doi: 10.3389/fpsyg.2014.00664
This article was submitted to Educational Psychology, a section of the journal Frontiers
in Psychology.
Copyright © 2014 Ohst, Fondu, Glogger, Nückles and Renkl. This is an open-access
article distributed under the terms of the Creative Commons Attribution License
(CC BY). The use, distribution or reproduction in other forums is permitted, provided
the original author(s) or licensor are credited and that the original publication in this
journal is cited, in accordance with accepted academic practice. No use, distribution or
reproduction is permitted which does not comply with these terms.
www.frontiersin.org July 2014 | Volume 5 | Article 664 | 11
